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Synthetic Data

Synthetic data generation represents a
transformative approach to addressing critical data
challenges in non-life insurance, where privacy
regulations, limited sample sizes, or incomplete
coverage across risk segments often constrain
traditional datasets.

Synthetic data offers a solution by creating artificial
datasets that preserve original statistical properties
and correlational structures.
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https://deepai.org/machine-learning-model/text2img
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Synthetic Data with Conditional
Generative Models
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Conclusions

The CGMM benchmark remains a good solution to follow for simplicity.

Data from Deep Learning Generative Models requires architecture expert judgment.

GANs were not used because they did not show a valuable output; they can be a better solution for
classification tasks.

LLMs were dropped as a solution because they can be computationally expensive and are prone to
memorise a consistent portion of the dataset despite understanding patterns.

Interesting solution is the personalisation of the CVAE with the Transformer Decoder.

The next steps involve masking sensitive data and reducing the portion of the training set used to train
the generative models.
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